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For the purpose of Cutter Consortium’s latest CBR sur-
vey, we define Agile data analytics as “the application
of Agile methods to data analytics initiatives in order to
increase flexibility, provide faster ‘time to value,’ and
support collaborative relationships between business
users and IT developers.” Further still, as described by
Agile data analytics expert Ken Collier, Agile methods
are built on a “simple set of sensible values and princi-
ples but require a high degree of discipline and rigor
to properly execute” and as a process Agile falls some-
where in the “middle between just enough structure
and just enough flexibility.”1 For firms embracing Agile
values and principles, which promote early and contin-
uous delivery of business value throughout the devel-
opment lifecycle, the primary objective of Agile data
analytics is to deliver high-quality, high-value, working
business intelligence (BI) solutions. 

When asking survey respondents to describe their
understanding of Agile data analytics, we see that the
majority (nearly 70%) also view the key component of
Agile data analytics as the use of Agile methodologies
in the development of BI/analytics solutions (see
Graph 1 in the Survey Data section beginning on
page 17). This reinforces Collier’s notion of Agile data
analytics as being a development “style” rather than a
methodology or framework. Consequently, organiza-
tions need certain capabilities and behaviors as well as
a creative thinking mind-set to successfully grow Agile
data analytics within their business. As Cutter Senior
Consultant Sebastian Hassinger comments in the com-
panion article to this issue of CBR, Agile is “a mindset
unencumbered with previous assumptions.”

Agile methodologies have been successfully adapted
within the software development domain, with cus-
tomer involvement, transparency, and speed of output
being major factors of its success. The fact that Agile
methodologies are making an impact in the domain of
data analytics suggests that as the area grows and the
frequency of data projects increase, there is a higher
necessity for business stakeholders to take a more active
role in these projects. As Graph 1 shows, the second
most popular defining feature of the term “Agile data

analytics” is the ability to draw on a wide variety
of mechanisms to gain insight in a short time frame.
Again, this notes recognition of the wide technological/
analytical choice available to practitioners but high-
lights a need to stay focused on gaining insightful out-
puts quickly in order to take advantage of emerging
opportunities (the third most popular description in the
survey). All this indicates that while the area of data
analytics is going through a major technological over-
haul, organizations are cognizant of the practicality
of utilizing Agile methodologies in the deployment of
these new technologies since they provide a foundation
of risk reduction and increased transparency — key
requirements when deploying unstructured projects
and new technologies.

GOING AGILE

Very few organizations in today’s economic climate
can afford to lose customers, mismanage resources,
or, put more simply, operate at a loss through making
what seem to be straightforward business decisions.
However, faster decision cycles are a requirement for
achieving business agility and while organizations can
deploy enabling technologies to increase “speed to
insight” and “time to value,” having high-quality data
in front of decision makers in a timely fashion and
in a usable format is of the utmost importance. To
complicate matters, if not appropriately managed,
data/information quality deteriorates over time.
Unfortunately, this observation is backed up by the
survey results, with the bulk of respondents indicating
they have either no capability (scoring a 1 on a 1-5
scale) or a very low maturity (scoring a 2) across the
capabilities we offered in the survey (see Graph 2).
Indeed, as suggested by Richard Wang et al, it may be
the case that organizations still struggle to separate
data/information (content) and its management from
the IT artifacts themselves, where “organizations often
focus inappropriately on managing the lifecycle of the
hardware and software systems that produce the infor-
mation, instead of on the information itself.”2 However,
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according to Wang et al, most organizations often
inappropriately treat information as a “by-product” as
opposed to a “product” and do not effectively manage
data as a “business resource”3 or “corporate asset.”4

Benefits

In Graph 3, we report the benefits that organizations
expect to come from Agile data analytics. The top benefit
— better planning and forecasting selected by 47% of
respondents — highlights the forward-looking perspec-
tive that organizations have on initiatives. Organizations
are beginning to realize that data analytics plays an
important role in the decisions they make about their
future. The second-highest expected benefit (numerous
and accurate business insights — 39%) could indeed
support this role. This finding suggests that analytics
will indeed provide more options, or at least different
perspectives, on future plans of action. At the other end
of the scale, it is interesting to see social marketing and
Internet behavior (i.e., clickstream data) ranking very
poorly in the survey, with 10% and 4% of respondents
identifying them as benefits respectively. With experts
touting social and unstructured data as a major source of
value, the lack of perceived benefits by respondents may
suggest a lack of maturity in the area and a resulting lack
of understanding on how organizations can realize the
value. Furthermore, the lack of perceived benefits from
fraud detection (6%) is also surprising. This may suggest
that organizations have positioned Agile data analytics
as a revenue generator rather than a cost saver. If indeed
this is true, it is a very positive indication since recent
research has shown that technology projects focused on
revenue generation are more successful that those that
focus on cost efficiency.5

Barriers

When it comes to barriers for Agile data analytics,
staffing/skills is top of the list, with 61% of respondents
identifying it as such (see Graph 4). As suggested by
Sebastian in the next article of this issue, investing in
skills and technologies is an important consideration for
all organizations wanting to embrace Agile data analyt-
ics successfully. In the last number of years, demand for
data-savvy hires has increased dramatically, with the

role of data scientist being noted as the “sexiest job in
the 21st century,”6 a title past bestowed upon software
developers. In fact, a report produced by e-skills UK on
behalf of SAS UK revealed that demand for data scien-
tists had grown by 350% during the period Q3 2011 to
Q3 2012.7 This is impressive growth seeing that the role
was, according to the report, “near non-existent prior
to 2011.” 

In addition, the need to up-skill executives in quantita-
tive and analytical techniques has become quite evident
in the volume of management/quantitative-type books
released each week. This need to educate business lead-
ers about data analytics is also reflected in the survey
results, which highlights the lack of business sponsor-
ship as the second-biggest barrier, tied with difficulty in
architecting a solution. As a comparison, almost twice
as many survey respondents view the lack of business
sponsorship as a barrier to Agile data analytics (35%)
against those that see building business cases as a bar-
rier (18%). This suggests that while the justification of
projects is a significant barrier, it is much more straight-
forward than the actual implementation of a project. 

Another key insight from the data shows that tech-
nology itself is the lowest barrier. More specifically,
respondents don’t view already implemented data tech-
nologies as major limiting factors to Agile data analyt-
ics, with current database software flexibility and speed
being highlighted as barriers by relatively low numbers
of respondents (26% and 10%, respectively) and current
data warehouse rigidity to reports and OLAP identified
by 12% as a barrier. 

Technologies

Graphs 5a and 5b report survey findings on deployed
technologies in data analysis; respondents were asked
to rate deployment levels on a 1-5 scale, with 5 being
full/widespread deployment. One of the most striking
results of the survey highlights the ever-present depen-
dence of organizations on spreadsheets as a data analyt-
ics tool, with just under 95% having varying degrees
of spreadsheet deployment and 36% having near-to-
full/widespread implementation (see Graph 5a). While
spreadsheets do play a significant role in an organiza-
tion’s information supply chain, the survey indicates
that spreadsheets are significantly overutilized in com-
parison to newer and more error-resilient technologies,
even though spreadsheets have been reported to be
flooded with errors a whopping 88% of the time.8 This
won’t come as much of a surprise to most, and while it
highlights a definite need for enterprise data solutions,
it also indicates a significant gap between the data
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products trending in industry discourse and the reality
of how comfortable organizations are with these prod-
ucts. This is an interesting challenge, and although
organizations must carry the bulk of the responsibility
of overcoming it, vendors need to play their part as
well. For the most part, vendors such as EMC and
SAS have identified the importance of educating the
customer with rollouts of university, industry, and
executive programs,9 while new startups such as
DataHero are beginning to provide easy-to-use data
tools that may lessen organizations dependence on the
spreadsheet while at the same time move them up the
maturity ladder. 

However, what is of concern is the lack of master data
technology implementation. In-memory analytics and
master data management (MDM) are the technologies
least implemented, with about 80% of respondents
indicating they have no or very little deployment of 
in-memory analytics (see Graph 5a) or MDM (see Graph
5b). In-memory analytics is indeed a very new technol-
ogy that aims to improve analytical performance by
storing data in RAM rather than physical storage disks.
Given its novelty, we would expect that organizations
would not have yet implemented such a technology to
a large extent. However, master data management is not
a new technology and arguably a key technology that
ensures data quality and provides a foundation for other
analytic technologies to operate. The cost of leading-class

MDM solutions has been noted as a key barrier to imple-
menting such technologies; however, this barrier is pre-
sent for all technologies. A more plausible explanation
is that MDM has more to do with an organization’s
approach to managing data than any technical- or cost-
related factor. Moreover, given the overall lack of data
maturity indicated in the survey, it is not surprising that
respondents view MDM as low priority in comparison to
the other technologies listed. 

INFORMATION SUPPLY CHAIN

In analyzing the rest of the results from the survey, we
have chosen to use the information supply chain as a
framework to position the findings and to better com-
municate the practical implications of the results (see
Figure 1). The information supply chain depicts how
data flows through an organization and details the key
tasks required to derive value from an organization’s
data resource. These five key tasks include: 

1. Acquisition — gathering data from numerous
sources

2. Integration of data sources — physical and/
or logical 

3. Analysis — analytical process on subsets of data 

4. Delivery — supplying analysis results in a
suitable format 
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Figure 1 — Key survey findings and how it impacts an organization’s information supply chain.



5. Governance — promotion of data quality and
integrity through structured programs and policies

This information supply chain provides a picture of the
difficulties that organizations often face, as highlighted
by Sebastian in his article, in data access, integration,
normalization, and answering business questions.  

Acquisition and Integration

As suggested from the survey, the strongest data
capability revolves around ETL and data integration
tools with over 60% of respondents indicating a sig-
nificant maturity, scoring a 3 or higher on a 1-5 scale.
(see Graph 2). While only 6% indicate full maturity in
ETL, this is still the strongest capability in what we
can describe as a capability immaturity profile for all
organizations. This result also highlights the significant
amount of improvement needed to cope with the
barrage of new data sources that organizations now
encounter on a daily basis. As it stands, respondents
demonstrate an apprehension with new data sources
such as clickstreams with only 4% seeing them as a
benefit (see Graph 3). Such a low figure may highlight
an issue with new data sources, which fits with the
maturity profile depicted in the survey results.  

Let’s now turn to Graph 6, where respondents were
asked to rate the extent that various data analysis sce-
narios apply to their organizations, rating each on a 1-5
scale, with 1 being never and 5 being always. Nearly
60% of organizations rarely or do not have their data
residing in one data repository, while 47% also have a
pressing need to integrate data across their business
functions. 

It may come as no surprise then that 64% of organi-
zations only have 21%-60% of their organizational
systems integrated (see Graph 7), while 62% do not
appear to have a “single version of the truth” across
their operations, as shown in Graph 6. Put another way,
only about 20% of responding organizations actually
have a single version of the truth. This staggering statis-
tic is further supported by the fact, as mentioned earlier,

that 80% of organizations apparently do not have, or
unlikely have, a master data warehouse deployed in
their organization (see Graph 5b). Such an enabling tech-
nology is a key feature of delivering a single version of
the truth for organizations. However, irrespective of
MDM technologies and approaches adopted, not having
a single version of the truth makes it difficult for deci-
sion makers to base their decisions on one standard set
of facts, consistently and in a timely manner. The survey
provides further support for this assessment in that 53%
of organizations can access information quickly enough
to make important decisions in no more than four out of
every 10 decisions being made, as illustrated in Graph 7.
This suggests that fact-based decision making is not a
consistent reality for one in every two organizations. 

Analysis and Delivery

The profile of low maturity in general data capabilities
is also visible in responding organizations’ ability to
perform data analysis. For instance, as illustrated in
Graph 8, 35% of respondents indicate that they are
never able to find patterns and dependencies in multi-
variant analysis while nearly half report that they can
do so only very infrequently. Together, this amounts
to nearly 85% of respondents that either never or very
infrequently complete an analysis task that falls under
a somewhat standard data analysis process. Moreover,
the results for this task are not an outlier, 82% and 76%
indicate the same level of ability to effectively provide
predictive performance of processes and products,
respectively. While this further supports a low level
of maturity within the organizations, it also highlights
the sizeable hurdles that organizations must overcome
to fully exploit the potential that organizational data
resources have to offer.  

In promoting the ideal of Agile analytics, Collier argues
that “it takes creative thinking to build the smallest/
simplest back-end data solution needed to produce
business value on the front end.”10 However, just under
half of the respondents believe they can develop a
new/ad hoc report within two to seven days (see Graph
9). As a very distinctive data point, this sets a clear
benchmark for organizations with low maturity. While
two to seven days is not an extraordinary long period,
it does indicate a lack of agility in dealing with existing
data sets as well as the resulting need for significant
effort to provide the type of agility required to prevent
data analytics becoming a bottleneck for value realiza-
tion. Furthermore, the significant lack of ability to do
anything in less than one hour highlights severe data
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restriction organizations are incurring. For instance, all
respondents say they can’t create a new dashboard/
visualization in less than an hour. This is very surpris-
ing given the visualization functionality embedded in
even the most basic of spreadsheet applications. All
respondents also report they are not able to integrate
a new data source, and only 4% can mine an existing
data set within an hour. This is also quite striking given
the fundamental nature of these tasks and the necessity
for organizations to complete such tasks in short time
frames. These statistics call into question the provision
of faster “time to value” and “speed to insight,” key
components of Agile data analytics. 

Governance

In an article a few years ago, Vijay Khatri and Carol
Brown reported that data governance is one of the five
success “practices” for deriving business value from
data assets.11 Furthermore, according to Khatri and
Brown, governance includes “establishing who in the
organization holds decision rights for determining
standards for data quality.” 

As Graph 7 illustrates, two-thirds of organizations
believe that no more than 60% of their organizational
data is accurate. This is coupled with the fact that none
of the surveyed organizations “always” has a program
in place to verify compliance with data definitions and
data standards between operational systems on either
a preventative or corrective basis (see Graph 10).
Furthermore, while 43% of organizations view data
quality as extremely important within their organiza-
tion (see Graph 6), only 10% have a data governance
plan currently implemented with 35% having no plans
at present around data governance (see Graph 11). This
observation is in line with BI expert Wayne Eckerson
who reports that only “1 in 10 organizations have an
enterprise data strategy” and as a result are not man-
aging their data as a corporate asset.12 According to
Eckerson, the reality is that the ongoing behavior of
these companies leads to “a misplaced perception about
the quality of their data” and to the absence of a data
quality plan/data governance program. It is also worth
mentioning that data quality is the “most unanticipated
reason for system failure since organizations began
building systems.”13

While data governance programs have a direct link
to data quality, the impact of this lack of data quality
can be severe, where the cost of “completing a unit of
work” is “10 times more” with “defective” (bad) data
than with appropriate “perfect” quality data.14 Yet, it is

interesting to note the equal but scattered distribution
of responses for the time frame required to implement
a data governance policy across the range of two to
four weeks (18%) to greater than a year (18%), as shown
in Graph 9. This highlights the varying standards of
policies organizations are implementing but also their
difficulty in grasping the true meaning of a governance
policy. Therefore, the ongoing behavior of an organiza-
tion to the quality of its data is a key examination point.
Organizations can uncover these behaviors by first ask-
ing themselves: do we calculate the cost of bad data?
Surprisingly, or not, as Graph 6 shows, 83% of surveyed
organizations infrequently, if ever, calculate the cost
of bad data! A recent TDWI best practices report
suggested that “most organizations are moderately
satisfied with their ability to address data quality
problems.”15 However, the CBR survey notes there
is a danger of this moderate satisfaction turning into
extreme dissatisfaction, because organizations are not
investing into the capabilities needed to arrive at an
appropriate level of data quality maturity. Overall, the
survey reflects a less than desirable level of maturity
around data governance. This calls into question the
actual importance of data quality to our responding
organizations since the behavior and discipline needed
to maintain data quality appears to be lacking. How-
ever, the importance of data governance cannot be
overstated. In the words of Khatri and Brown, “gover-
nance is a key element in not only improving economic
efficiency and growth, but also enhancing corporate
confidence.”16

CONCLUSION

To recap, the survey respondents for this CBR have
primarily defined Agile data analytics as the applica-
tion of Agile methodologies to data analytics and BI.
This is important as it provides a pointer to Agile soft-
ware development as a key reference on how to com-
plete unstructured projects using new technologies with
the highest possibility of success. Furthermore, as Agile
is not a new concept, most organizations with an IT
capability should be in the position to transfer and
apply the underlying principles of Agile to their data
projects. However, Agile in itself is just a development
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style or project management methodology. The survey
reveals a much deeper issue in the restricted data capa-
bilities within organizations across the information sup-
ply chain. Unfortunately, these capabilities are beyond
the scope of what Agile can accomplish, especially
in data governance. Simply put: without good data
governance, even well-guided implementations will run a risk
of failure, stemming from a lack of data quality and accuracy.

Since one of the key principles of Agile development
is the prioritization of projects, we’ll conclude by high-
lighting what aspects we propose organizations should
prioritize:

1. Designing and implementing a data governance
program to enforce data standards and maintain
data quality.

2. Reducing the dependence on spreadsheets as a
primary analytics tool to uncover new ways of
looking at unexpected things. (This introduces
what Sebastian refers to as “creative flexibility” and
breaking the “emotional attachment” to maintaining
the status quo.)

3. Designing and implementing a MDM solution to
ensure the organization has a common semantic
meaning for important business objects (e.g., cus-
tomer, product).

These three recommended actions are all achievable
in an Agile fashion through experimentation. They
help ensure that organizations bite off a little piece
of each action in a cost-effective manner and evaluate
the impacts of the actions in order to appreciate two
key issues: (1) their own ability to do the project and
their level of maturity around the capability, and (2)
the business value, or otherwise, of the initiative
(embracing the Agile principle of “failing fast”). 
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Agile Data Analytics

69%

53%

43%

28%

22%

14%

12%

2%

4%

The ability to develop BI/data analytics
solutions using Agile methodologies

A wide variety of mechanisms that enable
analytical insights into organizational data sets

in a very short time frame (e.g., a couple of hours)

The ability to adjust to change and
take advantage of emerging opportunities

The ability to find, assemble, understand, and bring to bear
all the data we have in making a complex business decision

The ability to incorporate numerous data types
(structured/unstructured) in the analytical process

The ability to enable end users to analyze
data in a nonlinear idiosyncratic process

The ability to predict based on our management actions

The ability to understand
nontrivial management issues

Other

Percentage of respondents

Graph 1 — Which of the following statements accurately describe your understanding of Agile data analytics?
(Respondents asked to select a maximum of three responses.)
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31%

53%

33%

27%
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18%
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33%

29%
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20%

33%

12%

10%

2%

2%

10%

12%

25%

14%
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2%

4%

2%

0%

4%

2%

6%

2%

8%

Inhouse development of analytical skills

Data analytics

Big Data

Formal training on data discipline and data

governance/quality for data creators

Ability to assess data needs

from all departments/functions

Data governance/quality policies

for end-user data access

ETL and data integration tools

Research of new data technologies

Agile project management

Percentage of respondents

1 - no capability

2

3

4

5 - mature

Graph 2 — Rate the maturity of each of the following capabilities in your organization.

SURVEY DEMOGRAPHICS

This survey examined organizations’ understanding of Agile data analytics; the drivers behind, the goals and benefits of, and the barriers
to Agile data analytics; the maturity and use of various data capabilities; and whether a data governance program has been implemented.
Fifty-five percent of the 51 responding organizations are headquartered in North America, another 22% in Asia/Australia/Pacific, 14% in
Europe, and 6% in Africa, with the remainder headquartered in South America and the Middle East. Seventy-three percent report having
fewer than 100 IT professionals, with 12% reporting between 100 and 500, 6% between 500 and 1,000, and 10% reporting more than
1,000. Responding organizations’ annual IT budgets are also on the smaller side, with 33% having IT budgets under US $500,000, 29%
having IT budgets between $500,000 and $10 million, 12% having IT budgets between $10 million and $100 million, and the remaining
12% having IT budgets over $100 million (14% of respondents do not know their annual IT budget). Forty-seven percent of respondents
report annual revenues under $10 million, while 16% report annual revenues of over $10 billion. Thirty-five percent hold senior
management/policymaking or IS/IT management titles, with software engineering/programming (18%), consulting (12%), and project
management (10%) being among the other job titles.
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47%

39%

31%

24%

24%
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20%

Better planning and forecasting

More numerous and accurate business insights

More automated decisions for real-time processes

More efficient recognition of sales and market opportunities

More accurate quantification of risks

Increased exploitation of data

Better insights into process improvements

Greater leverage and ROI for data analytics

Better segmentation of customer base

More widespread adoption of data-driven decisions

Percentage of respondents

20%

18%

16%

14%

10%

6%

4%

4%

4%

Increased understanding of business change

Easier identification of root causes of cost

Better identification of market sentiment trends

Clearer definitions of churn

and other customer behaviors

Better targeted social influencer marketing

Easier detection of fraud

Increased understanding of

consumer behavior from clickstreams

No perceived benefits

Other

Graph 3 — What are the main benefits your organization has realized or expects to realize from Agile data analytics?
(Respondents asked to select a maximum of five responses.)
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8%

16% Scalability problems

18%Lack of compelling business case

35%Lack of business sponsorship

61%Inadequate staffing or skills

35%Difficulty of architecting the solution

26%Current database software lacks analytical flexibility

10%
Current database software cannot

process analytic queries fast enough

12%
Current data warehouse modeled

for reports and OLAP only

31%Cost

Other

Percentage of respondents

Graph 4 — What are the main barriers to Agile data analytics in your organization?
(Respondents asked to select a maximum of five responses.)
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41%

22%

29%
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31%

25%

33%

27%

29%

14%

29%

33%

14%

18%

16%
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20%

4%

18%

14%

6%

6%

10%

18%

8%

2%

18%

0%

2%

4%

4%

2%

2%

In-memory analytical

technology

Spreadsheets/

spread marts

OLAP tools

Text mining

Visual discovery

In-database analytics

DBMS built for OLTP

Advance data

visualization

Percentage of respondents

1 - not deployed

2

3

4

5 - full/widespread deployment

Graph 5a — To what extent is each of the following enabling technologies deployed in your organization?
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29%

29%

25%

27%

35%

20%

14%

20%

22%

14%

24%

14%

18%

4%

12%

12%

8%

10%

6%

8%

2%

4%

2%

4%

4%

2%
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Real-time data
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Data store for

unstructured data

(e.g., NoSQL,

MongoDB, Hadoop)

Interactive/drill-down

BI dashboards
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4
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Graph 5b — To what extent is each of the following enabling technologies deployed in your organization?
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5 - always

Graph 6 — To what extent does each of the following statements apply to your organization?
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Graph 7 — What is the estimate percentages for each of the following for your organization? 
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1 - never
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Graph 8 — How easily is your organization able to gather and mine data for each of the following purposes?
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Graph 9 — What is the average time frame your organization requires/would require to complete each of the following tasks?
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Graph 10 — How frequently do each of the following statements apply in your organization?
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Graph 11 — What is the status of your data governance program?
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Data is stored in silos

Poor data quality impacts decision making

We need to provide faster “time to value”

Business users do not get information fast enough

We are unable to use or analyze unstructured data

The volume of data is growing too rapidly

Poor decision making occurs at a group level due

to lack of collaborative analytical platforms

Poor decision making occurs at an individual level

due to a lack of data-driven management

We do not have the caliber of analysts we need

16%
My organization has no investment

in Agile data analytics

6%Other

Percentage of respondents

Graph 12 — What are the pressures driving your Agile data analytics investments?
(Respondents asked to select a maximum of three responses.)



Joseph Feller is a Senior Consultant with Cutter Consortium’s
Data Insight & Social BI and Business Technology Strategies prac-
tices. He is a Senior Lecturer at the University College Cork
(UCC), where he coordinates the PhD program in business
information systems, supervises postgraduate and postdoctoral
researchers, and conducts research. Prior to joining UCC, Dr.
Feller taught at the Ringling College of Art and Design. His
research focuses on open innovation and the peer production
phenomena, including open source software, open content,
crowdsourcing, innovation marketplaces, citizen science, and
social media collaboration platforms. Dr. Feller has published
five books, more than 60 academic papers, and more than 100
practitioner articles and reports. His research in open source soft-
ware has been particularly influential, cited over 1,000 times in
academic literature. Dr. Feller has directed various international
research projects funded by Irish and EU agencies, private indus-
try, and government partners. He is a frequent presenter and pan-
elist at international conferences and has been invited to deliver
keynotes, seminars, workshops, and policy briefings by numer-
ous industry organizations, private firms, NGOs, and Irish and
European government bodies. He can be reached at jfeller@
cutter.com. 

Sebastian Hassinger is a Senior Consultant with Cutter’s Agile
Product & Project Management practice. He has worked in the IT
industry for over 20 years both in large corporations and as an
entrepreneur and has provided strategic consulting for large and
small firms on projects as broad as corporate direction and as
focused as product development strategy. Mr. Hassinger founded
two ISPs, helped launch several other startups, and held senior
product strategy and business development roles with IBM,
Oracle, and Apple. He currently leads Tech Propulsion Labs, a
Vietnam-based Agile development shop specializing in Web
and mobile applications. Mr. Hassinger holds MBAs from
Columbia University and London Business School, is a published
author, and holds over a dozen software and business model
patents. He can be reached at shassinger@cutter.com.

Tadhg Nagle is a researcher/lecturer in the Department of
Accountancy Finance and Information Systems at University
College Cork, Ireland. He is also co-director of Ireland’s first
executive program in data business at the Irish Management
Institute. With a background in finance services, Dr. Nagel
became a Business Analyst Lab Leader at the Digital Enterprise
Research Institute from which he holds a PhD. Focusing on
emerging technologies, strategic innovation, and disruptive
technologies, he has published several papers in leading inter-
national IS conferences and journals. Dr. Nagel’s current focus is
on the implementation of cloud and Big Data technologies with a
view toward creating real business value. He can be reached at
T.Nagle@ucc.ie. 

David Sammon is a researcher/lecturer in business informa-
tion systems at University College Cork, Ireland. He is also 
co-director of Ireland’s first executive program in data business at
the Irish Management Institute. Dr. Sammon’s current research
interests focus on the areas of conceptual data modeling, master
data/information management, theory and theory building, and
redesigning organizational routines through mindfulness. He has
been published extensively in international journals and confer-
ences. Dr. Sammon is Associate Editor of the Journal of Decision
Systems and coauthor of Enterprise Resource Planning Era: Lessons
Learned and Issues for the Future. He can be reached at DSammon@
afis.ucc.ie.

ABOUT THE AUTHORS

29Get The Cutter Edge free: www.cutter.com Vol. 13, No. 2  CUTTER BENCHMARK REVIEW

About the Authors




